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(Particle Swarm Optimization)
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cl*rand () * (pbest [] — position []) +
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For each particle
Initialize particle
End For
Do
For each particle
Calculate fitness value of the particle f,
//lupdating particle’s best fitness value
so far)
If £, is better than pBest
set current value as the new pBest
End For
updating population’s best fitness value so
Ilfar)

Set gBest to the best fitness value of
all particles
For each particle
Calculate particle velocity according
equation (1)
Update particle position according
equation (2)
End For
While maximum iterations OR
minimum error criteria is not
attained
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cl*rand () * (pbest[] — position []) +
(") c2*rand () * (gbest[]— position [])
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